
Poster Print Size:
This poster template is 24” high by 48” 
wide . It can be used to print any poster 
with a 1:2 aspect ratio including 30x60, 
36x72, 42x84, and 48x96. 

Placeholders:
The various elements included in this 
poster are ones we often see in 
medical, research, and scientific 
posters. Feel free to edit, move,  add, 
and delete items, or change the layout 
to suit your needs. Always check with 
your conference organizer for specific 
requirements.

Image Quality:
You can place digital photos or logo art 
in your poster file by selecting the 
Insert, Picture command, or by using 
standard copy & paste. For best results, 
all graphic elements should be at least 
150-200 pixels per inch in their final 
printed size. For instance, a 1600 x 
1200 pixel photo will usually look fine 
up to 8“-10” wide on your printed 
poster.

To preview the print quality of images, 
select a magnification of 100% when 
previewing your poster. This will give 
you a good idea of what it will look like 
in print. If you are laying out a large 
poster and using half-scale dimensions, 
be sure to preview your graphics at 
200% to see them at their final printed 
size.

Please note that graphics from websites 
(such as the logo on your hospital's or 
university's home page) will only be 
72dpi and not suitable for printing.

[This sidebar area does not print.]

Change Color Theme:
This template is designed to use the 
built-in color themes in the newer 
versions of PowerPoint.

To change the color theme, select the 
Design tab, then select the Colors
drop-down list.

The default color theme for this 
template is “Office”, so you can always 
return to that after trying some of the 
alternatives.

Printing Your Poster:
Once your poster file is ready, visit 
www.genigraphics.com to order a 
high-quality, affordable poster print. 
Every order receives a free design 
review and we can deliver as fast as 
next business day within the US and 
Canada. 

Genigraphics® has been producing 
output from PowerPoint® longer than 
anyone in the industry; dating back to 
when we helped Microsoft® design the 
PowerPoint® software. 

US and Canada:  1-800-790-4001
Email: info@genigraphics.com

[This sidebar area does not print.]

What does CLIP see per token?

Wajahat Ali Khan, Seungkyu Lee
Kyung Hee University, South Korea

Wajahat Ali Khan
Kyung Hee University, South Korea
Email: wajahat@khu.ac.kr
Website: wajahat-alikhan.github.io

Contact References

While CLIP [1] demonstrate remarkable zero-shot generalization, its 
internal decision making processes remains highly opaque. Current 
explainability methods provide holistic explanations for the entire 

text prompt on the image, failing to answer a fundamental 
question: what exactly does CLIP see for each individual word in 
the image? TCLIP is a training-free, gradient-free interpretability 

method that establishes a direct, dense relevance mapping 
between individual text tokens and image patches.

Abstract Methodology

• TCLIP successfully exposes a transparent 
grid of visual-linguistic alignments native to 
CLIP.

• It provides unique insights into CLIP's 
compositional understanding and its 
grounding of abstract concepts without the 
overhead of retraining.

• Crucially, TCLIP deconstructs complex 
compositional mechanisms and reveals the 
emergent mathematical structures driving 
abstract visual associations.

Conclusions

• High Fidelity Token Grounding: TCLIP's activation is tightly 
focused on the object of interest (laptop, cat), avoiding the 
diffuse results of baseline methods [3], [4], [5].

• Abstract Reasoning: TCLIP extends interpretability beyond 
objects, isolating visual stimuli for subjective concepts like 
"minimalist" (negative space) or "joyful", "vibrant" (lights).

• Zero Shot Object Detection (MS COCO): Achieved 19.07% Box 
Accuracy at IoU > 0.5, vastly outperforming ViT-based methods.  

• Computational Efficiency: Requires 0 backward passes and only 
25 forward passes, remaining highly computationally efficient 
compared to CNN based baselines.

• Latent Segmentation (ImageNet-S): Achieved SOTA Average 
Precision and maskIoU scores, proving TCLIP captures true 
shape geometry [6], [7], [8], [9].

Results

• CLIP relies on a single, global cosine similarity score computed 
from the final [CLS] and [EOS] tokens [2].

• Standard XAI methods generate aggregated heatmaps for the 
entire text prompt, failing to spatially differentiate the visual 
grounding of specific words.

• Gradient based alternatives require complex architectural 
modifications or memory intensive backpropagation.

Problem

TCLIP operates directly on the latent space to enable dense, fine grained text token to image patch analysis. By intercepting the full 
sequences of patch and token hidden states, we map them into the shared multimodal embedding space. After L2 normalization, we 

compute a direct relevance matrix (S = ෠𝑇 ⋅ መ𝐼𝑇). Finally, Gaussian Mixture Model (GMM) thresholding dynamically suppresses 
background noise, yielding high fidelity spatial heatmaps for any individual word without requiring gradients or retraining. 
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